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| Component __[petail _____________

ML architecture CNN (Attention R2U-Net), Vision Transformer (Swin Transformer)
Loss function Latitude-Weighted MSE, Pressure-weighed loss, MAE, CRPS
Z-score normalization for each 2D data

3D:U,V,T,Q,RH,Z
2D: U10m, V10m, T2m, MSLP, Total precipitation (TP), OLR
Fixed: Sea/land, Geopotential height

Preprocessing
Input variables

Output variables Same as input (excluding fixed variables) -> Precipitation
Pressure level 13 level

Temporalresolution 1h,3h,6h,24h

Forecasting approach Direct forecasting, Continuous forecasting, Iterative forecasting
GPV-MSM, DSIRAS55

Base model + Fine-tuning (precipitation)

Training data
Training approach

ClimaX Ours
V variables V variables
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