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The goal for this year is to start preparing for the finish of the knowledge representation and transfer
part. We made substantial progress on several projects.

1. Khan group published a paper on Model Merging at ICLR 2024 where they proposed new
methods by using uncertainty-based gradient matching.

2. Khan and Yokota groups have a paper accepted at ICML 2024 on a new optimizer called
IVON which is derived from the Bayesian Learning Rule and gives state-of-the-art result on
large models, such as, GPT-2. We also had a new version to do LoRA adaptation. Khan
group published a paper at ICLR 2025 showing new connections between Bayes and
Federated ADMM.

3. Khan group organized two workshops at ICLR 2025, namely “Quantify Uncertainty and
Hallucination in Foundation Models: The Next Frontier in Reliable AI” and “XAl4Science:
From Understanding Model Behavior to Discovering New Scientific Knowledge”.

4. Emtiyaz Khan gave a keynote at the 3rd Conference on Lifelong Learning Agents
(CoLLAs) 2024

We are continuing our work to make progress on continual and federated learning. We are also
working more on model merging and improving understanding of LLMs, and their low-precision
training. This year too we have made more progress than we originally planned for, and the results

we have so far exceed our expectations.
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