1. Introduction

7}»9‘%—&‘»%‘&%&:4:%

~ LZEHISOHF WS

ZHVETHENR

ENIEE ~

i‘EGHEJE

EfFMmEREE BT

WP ELS

HEEECBUEFRMDOESHEZAVUSITBICIEOAR MDD

E T HEONER

3, 78073ha 2, 566

B

i A

dC\C\_C

HEEI D,
ZEt]) (C

HET.FR-RE-AMEXORKERE. FR29F18.
http://www.rinya.maff.go.jp/j/kikaku/genjo_kadai/

& BRI EDEDSI=% 2

& TEAERERERICKROONDHEE(80%)

¢ TENEHGER HFE)DPKRSKEZFIVTICIERRE

2. Dataset
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3. Geospatial Multimodal Learning
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Ci-j : Convolution-BatchNorm-ReLU layer with j filters of which size is | x i
CDi-j : Convolution-BatchNorm-Dropout-ReLU layer with a dropout rate of 50%

MP: Max

pooling, CC: Concatenating layer,

FC: Full connected layers. The last layer is connected to Softmax classification function

on Cross-
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entropy cost function.
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*Y. Li, M. Yang, Z. Zhang: Multi-View Representation Learning: A Survey from Shallow Methods to Deep Methods, arXiv:1610.01206, 2016
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